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How does the presence of domain experts on a corporate board—directors whose primary professional experience is within the focal firm’s industry—affect organizational
outcomes? We argue that under conditions of significant decision uncertainty, a higher
proportion of domain experts on a board may detract from effective decision making
and thus increase the probability of organizational failure. Building on exploratory
interviews with board members and CEOs, we derive hypotheses from this argument
in the context of local banks in the United States. We predict that the greater the level
of decision uncertainty—due to rapid asset growth or operation in less predictable
markets—the stronger the relationship between the proportion of banking expert directors and the probability of bank failure. Longitudinal analyses of 1,307 banks between 1996 and 2012 support this prediction, even after accounting for both the overall
level of professional diversity among directors and banks’ different propensities to have
an expert-heavy board. We discuss implications for the key dimensions of board composition, the conditions under which the professional background of directors is more or
less consequential, and the mechanisms whereby board composition affects organizational outcomes.

The board of directors is a major part of a firm’s
governance structure (Baysinger & Butler, 1985) and
a crucial strategic decision-making group (Forbes &
Milliken, 1999). Given the importance of boards, the
question of how board composition affects corporate
performance and survival has been an enduring
concern for organizations (PricewaterhouseCoopers,
2014) and organizational scholars (Baker & Powell,

2009; Dalton & Dalton, 2011; McNulty, 2013; Stiles,
2013) alike. Existing research in this area has examined how the professional backgrounds and company affiliations of directors influence a firm’s
financial performance (Fogel & Geier, 2007; Pearce &
Zahra, 1992; Pfeffer, 1972, 1973; Rosenstein & Wyatt,
1990) and ability to avoid bankruptcy (Chaganti,
Mahajan, & Sharma, 1985; Daily & Dalton, 1994; Platt
& Platt, 2012), though this large amount of literature
has uncovered few consistent and unequivocal links
between board composition and a firm’s financial
health (Dalton, Daily, Ellstrand, & Johnson, 1998;
Dalton & Dalton, 2011).
Research in related areas points to the possibility
that an important but largely overlooked aspect of
board composition may be the proportion of domain experts on a board, that is, the proportion of
those directors whose primary professional experience is within the focal firm’s industry and who
are thus seen as possessing a high degree of competence in that domain (Evetts, Mieg, & Felt, 2006;
Furr, Cavarretta, & Garg, 2012; Gerver & Bensman,
1954; Mieg, 2006). Recent research suggests that
the proportion of domain experts in a strategic
decision-making group can significantly shape
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a firm’s strategic direction and its responses to the
environment (Furr et al., 2012), which other research in turn has shown to be key determinants of
organizational survival chances (Dencker, Gruber,
& Shah, 2009; Haveman, 1992). This potential link
between the presence of domain experts in strategic decision-making groups, such as corporate
boards (Forbes & Milliken, 1999), and organizational survival is important to understand not only
because ensuring survival is a critical concern for
organizations (Hambrick & D’Aveni, 1992; Mellahi
& Wilkinson, 2004) but also because the proportion of domain experts is a readily observable dimension of board composition that organizations
can directly influence when creating a board or
selecting new directors (see Almandoz, 2012;
Pfeffer, 1972).
Exploring how the presence of domain experts on
boards might affect organizational survival is all the
more important because the nature of this relationship is not obvious. Though a corporate board is likely
to benefit from domain experts’ collective knowledge
of the focal industry (see Almandoz, 2012), research
suggests that decision-making groups dominated
by domain experts might also exhibit several
harmful tendencies—such as cognitive entrenchment (Dane, 2010; Furr et al., 2012), overconfidence
(Lin & Bier, 2008; Sniezek & Henry, 1989), and
limited task conflict (Amason, 1996; Jehn, 1995)—that
can detract from effective decision making and
thus contribute to the risk of organizational failure
(see Forbes & Milliken, 1999; Mellahi & Wilkinson,
2004). Given these conflicting possibilities, this
study seeks to explore the relationship between
the proportion of domain expert directors on a
corporate board and the likelihood of organizational failure.
To date, research on the professional composition
of boards and other strategic decision-making groups
has traditionally focused on diversity in group
members’ professional backgrounds (Bunderson &
Sutcliffe, 2002; Milliken & Martins, 1996; Van
Knippenberg & Schippers, 2007; Westphal & Milton,
2000; Williams & O’Reilly, 1998). The degree of professional diversity, however, is conceptually distinct
from the proportion of domain experts. To illustrate,
consider two simple examples. First, a manufacturer of solar panels has a board of directors that
includes five solar energy experts, two lawyers, and
two bankers. Second, the board of another firm in the
same industry includes two solar energy experts, five
lawyers, and two bankers. Thus, both boards include
nine directors from three occupational categories
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such that the largest category includes five directors,
while the other two categories include two directors
each. In the literature on team diversity, these two
boards would be typically coded as equally diverse in
terms of the variety of professional backgrounds (see
Harrison & Klein, 2007). Yet these boards differ dramatically in the proportion of domain expert directors. While the majority (56%) of the first board is
composed of solar industry experts, such directors are
a minority (22%) in the second board. Studies on
board and executive team diversity, however, do not
directly distinguish experts from non-experts within
a given domain and hence cannot answer the question
of how the proportion of domain experts affects
a firm’s chances of survival or failure.
To address this question, we build on prior research
on domain experts and decision-making groups
(Forbes & Milliken, 1999; Furr et al., 2012) to develop the argument that the relationship between
the proportion of domain experts on a board and the
risk of organizational failure is contingent on the
level of decision uncertainty (Elbanna & Child,
2007). We suggest that when decision uncertainty is
greater, the potential negative characteristics of
domain expert-heavy boards—cognitive entrenchment, overconfidence, and limited task conflict—
are more likely to be influential and undermine
effective strategic decision making. Thus, in the
presence of greater decision uncertainty, there is
likely to be a stronger relationship between the
proportion of domain expert directors and the risk
of organizational failure.
We elaborate and test this argument in the context of
the U.S. banking sector, focusing on the board composition and survival chances of new and recently
established local banks between 1996 and 2012. Local
banks, or community banks, have their own legal
charter, total assets below $1 billion, and a business
model focusing on the county or counties where their
headquarters is located. This is an opportune research
setting for three reasons. First, a local bank’s board is
an active strategic decision-making group rather than
simply an oversight body (Almandoz, 2012). Second,
given the liability of newness (Stinchcombe, 1965),
a focus on young banks allows us to observe a population in which failure is likely to be a fairly common
occurrence rather than a rare event. Third, there is
substantial variation in this context in both the proportion of domain experts on boards (i.e., directors
from a banking background versus those with a background in law, insurance, medicine, the public sector,
or the military, etc.) and several conditions associated
with decision uncertainty: (1) rapid asset growth, (2)
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involvement in non-standard real estate lending, or (3)
operation in a local area with many direct competitors.
We hypothesize that the greater the degree to which
these conditions are present, the stronger the relationship between the proportion of domain expert
directors and bank mortality. Using a longitudinal
dataset and a two-stage estimation technique that
corrects for differences in banks’ propensity to have an
expert-heavy board, we generally find support for this
prediction. This result is robust to controlling for the
level of professional diversity on the board. Thus, we
find that in the presence of significant decision uncertainty, the higher the proportion of domain experts
on a board, the higher the likelihood of organizational
failure. At the same time, there is no evidence that
a higher proportion of banking experts leads to higher
returns.
Our study has several implications for organizational scholarship on corporate boards. At the most
basic level, this research provides cause to rethink
assumptions about what the key dimensions of
board composition are. As we show, the proportion
of domain experts is a highly consequential yet previously neglected board characteristic that can affect
an outcome of central importance to organizations:
whether they survive or fail. Although domain experts are often assumed to be highly skilled actors
who can effectively manage domain-specific risks
(see Almandoz, 2012; Shapira, 1995), we show
that—under certain conditions—a high proportion
of domain experts may actually hurt the survival
chances of an organization. Our contingency perspective delineates the boundaries of this hypothesis
and highlights the theoretical importance of decision
uncertainty for influencing the extent to which board
composition matters for organizational outcomes.
Thus, this perspective contributes to our understanding of board composition by identifying conditions under which the professional makeup of
boards is more or less consequential. In doing so, this
study also sheds new light on mechanisms whereby
board composition can affect strategic decision
making and, ultimately, the fate of an organization.
DOMAIN EXPERTS, BOARDS, AND
ORGANIZATIONAL FAILURE
Intuitively, one might expect a positive relationship
between the proportion of domain expert directors
and corporate survival. A critical function of boards is
to make strategic decisions (Forbes & Milliken, 1999;
Lynall, Golden, & Hillman, 2003; Westphal, 1999),
and a higher proportion of domain experts may foster
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more effective decision making as a result of board
members’ more extensive collective knowledge of
risks and opportunities in the focal industry (see Furr
et al., 2012). Effective strategic decisions, in turn, are
key to avoiding corporate failure (Daily & Dalton,
1994; Porter, 1991). Moreover, boards comprised of
higher proportions of domain experts may also command greater respect and recognition in the focal industry and confer a higher degree of legitimacy on the
firm (Daily & Schwenk, 1996; Lynall et al., 2003), thus
increasing the chances of organizational survival
(DiMaggio & Powell, 1983; Meyer & Rowan, 1977;
Ruef & Scott, 1998). At the same time, existing
scholarship suggests several mechanisms by which
a higher proportion of domain expert directors might
make a board less effective as a strategic decisionmaking group: cognitive entrenchment, group overconfidence, and reduced task conflict. We discuss
each of these mechanisms below, both in general and
in the specific context of local banks. In doing this, we
build on prior research on domain experts and
decision-making groups as well as exploratory interviews (described in Appendix A) that we conducted with board members and CEOs of local banks.
Cognitive Entrenchment
Recent research suggests that strategic decisionmaking groups with a greater proportion of domain
experts are less likely to “recognize, interpret, and
integrate new information and alter their perspectives” as the environment changes (Furr et al., 2012:
238). In the context of the solar energy industry, for
example, management teams in which the majority
of executives were domain experts were less flexible than other teams in implementing technological changes to respond to environmental shifts (Furr
et al., 2012). Consistent with this finding, scholars
have highlighted a tendency of individual domain
experts for cognitive entrenchment, that is, a high
degree of stability in their domain schemas (Dane,
2010). Thus, if domain experts dominate the collective framing and discussion of problems and opportunities in a strategic decision-making group (Kaplan,
2008), this tendency for cognitive entrenchment can
make it more difficult for the group to recognize and
flexibly react to new information (Furr et al., 2012).
Consistent with these ideas, our interviews in the
context of local banks suggest that directors with
a banking background might bring with them
entrenched perspectives and habits, which they then
attempt to “replicate” on the board. This, in turn, is
more likely to influence a board’s decisions if a larger
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number of bankers are present in the group. In contrast, boards with fewer directors who have previous
banking experience might be less vulnerable to this
problem. As one CEO explained:
[With regard to] banking experience, it could be that
[bankers] brought with them habits from the other
institutions and perhaps those habits were not always
good. They brought those to the table and replicated
that. Whereas our culture was drawn from within
because we have a limited amount of banking experience, you know, on the board, only 25% of the board
has previous banking experience. I don’t think we
brought any baggage with us.

The cognitive “baggage” that bankers brought to
boards surfaced in several interviews. As another
CEO put it, “Bankers tend to use models, let’s face it.
They run models and they run numbers: What is your
debt coverage? What is your debt to income? The
truth of the matter is sometimes just a bit of local
knowledge gives you a better feeling of the risk factors associated with the loan.” Another respondent
explained: “The benefits of not having prior bankers is
that there is no baggage to speak of in terms of, ‘With
this [previous] bank, we did it this way.’” Consistent
with these accounts, other informants emphasized
that having a higher proportion of non-expert directors enables boards to consider the ideas of domain
experts more critically and thus prevent the replication of entrenched decision patterns. On such boards,
as one director put it, “What could happen is that I am
a banker and if I have given loans to [a certain type of
borrower] in the past, I am going to tend to give loans
to [those borrowers] again. Whereas somebody with
fresh eyes [i.e., not a banker] coming to look at it may
say: Wait a minute!”
Group Overconfidence
A greater proportion of domain experts on a board
may also be associated with a higher level of group
overconfidence. Overconfidence is a tendency to
overestimate the accuracy and precision of one’s
judgments and predictions, that is, to assume overly
narrow confidence intervals around one’s estimates
of unknown values and probabilities (Alpert & Raiffa,
1982; Brenner, Koehler, Liberman, & Tversky,
1996; Fellner & Krügel, 2010; Fischhoff, Slovic, &
Lichtenstein, 1977; Glaser, Langer, & Weber, 2013).
As we define it, overconfidence has also been termed
“overprecision” in the literature (Moore & Healy,
2008). Group overconfidence refers to the same tendency at the level of a decision-making group: an
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inflated sense of confidence in the precision and accuracy of group judgments and forecasts (Wang &
Thompson, 2006; see also Sniezek & Henry, 1989).
At the individual level, scholars have noted a potential tendency of domain experts for overconfidence in the accuracy of their professional judgments
and predictions (Cooke, 1991; Shlyakhter, Kammen,
Broido, & Wilson, 1994). In fact, overconfidence has
been described as “one of the most common (and
potentially severe) problems in expert judgment”
(Lin & Bier, 2008: 711), and “manifestations of systematic overconfidence have been found. . .among
physicists, doctors, psychologists, CIA analysts, and
others making expert judgments” (Angner, 2006:
3; see Christensen-Szalanski & Bushyhead, 1981;
Henrion & Fischhoff, 1986; Oskamp, 1982).
At the group level, the overconfidence of domain
experts who have similar assessments of a situation
because of shared domain schemas can substantially
affect group decisions especially because of the high
degree of status and authority granted to experts in
decision-making bodies (see Derber, Schwartz, &
Magrass, 1990; Freidson, 2001; Zald & Lounsbury,
2010). Moreover, group polarization (Friedkin, 1999;
Isenberg, 1986) can further increase the effect of
overconfidence in decision-making groups with
higher proportions of experts. In the context of corporate boards, group polarization implies that board
decisions will reflect the amplification of directors’
average initial positions (Zhu, 2013). Thus, if domain experts have similar assessments of a situation because of shared domain schemas and
overconfidence about the accuracy of their assessments, then group polarization in an expert-heavy
board can amplify, beyond the directors’ average
tendency, the board’s inclination toward domain
experts’ overconfident assessments. Overconfidence,
in turn, can undermine effective strategic decision
making because it may foster a less accurate assessment of risks and an overly optimistic estimate of the
probability of success of a given action (Angner, 2006;
Russo & Schoemaker, 1992).
Consistent with these ideas, our interviews suggest
that local bank directors who are banking experts are
often highly confident that their understanding of
market trends and risks is accurate. Numerous directors who had a background in banking emphasized that for them, because of their experience in the
banking domain, “almost every deal is doable.” As
one banker boasted, sometimes “the market is not
willing [to provide a loan], but you do because you
know better.” Several CEOs and directors from other
backgrounds have noted that this tendency is more
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visible in boards with a higher proportion of bankers.
As one director summarized:
If I got a board, which has got a lot of bankers on it, they
are going to tend to reach for loans a little bit more
because they believe that they have got a little bit
more background and experience. Whereas, you
know, other people who aren’t bankers tend to be
a little more cautious.

Several informants echoed the notion that directors with expertise in other domains might be
more cautious and critical when making strategic
decisions. As a director with a background in law
noted, non-banker directors “often play the role of
devil’s advocate, taking the situation to its worst
conclusion.” Thus, boards with a higher proportion
of such directors may be more likely to respond to
strategic proposals with a skeptical “demand [for]
more reporting and analytics. . .[and say], ‘No, we are
not going to do that. We are not going to make a decision today because you didn’t give us enough information to make the decision.’”
Limited Task Conflict
A higher proportion of domain experts might
also reduce the level of task conflict on a board. Task
conflict, or cognitive conflict, involves “disagreements about the content of the tasks being performed,
including differences in viewpoints, ideas and
opinions” (Jehn, 1995: 258). In corporate boards and
other strategic decision-making groups, some level
of task conflict is critical for effective decision making because task conflict results in “critical and investigative interaction processes” (Amason, 1996:
104) and “the consideration of more alternatives and
the more careful evaluation of alternatives,” which
“contribute to the quality of strategic decision making in uncertain environments” (Forbes & Milliken,
1999: 494). A higher proportion of domain experts on
a board, however, might make non-expert directors
less willing or less able to challenge experts to justify
their assumptions and to consider alternative courses of action (Woolley, Gerbasi, Chabris, Kosslyn, &
Hackman, 2008).
Of course, a reduced level of task conflict might
also be expected whenever a board has a high proportion of directors from one single profession even
if that profession is not identified with the focal domain. But, given the high level of status that domain
experts enjoy in decision-making groups (Freidson,
1986; Meyer & Rowan, 1977; Ungar, 2008), a high
proportion of domain experts is especially likely to
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reduce task conflict. As Woolley and her colleagues
(2008: 354) noted, “high-status experts may be disinclined to take seriously the views of [non-expert]
others,” who in turn might be tempted to give more
credence to experts in their decision-making group
than is warranted. As a result, a higher proportion of
domain expert directors may limit task conflict,
which can undermine the careful deliberation of
different perspectives and thus contribute to less
well-considered strategic decisions (Amason, 1996;
Forbes & Milliken, 1999).
Likewise, our interviews suggest that the level of
task conflict tends to be lower when the proportion of
banking experts on a local bank’s board is higher.
Several informants noted that banking experts on
boards enjoyed a high level of deference and even
a “prima donna” status, which made it more difficult
for non-experts to express doubts or raise critical
questions in boards with higher proportions of
bankers. This suggests that a heavier presence of
domain experts on a board is more likely to suppress
cautionary voices of dissent. The CEO of a bank with
only a few banking experts explained:
[In a board with more banking experts] there could
also be some egos involved that, you know—here is
the way I have done it all my life and that’s the way we
are going to do it. And everybody respects each other’s
ego at that table and at the end of the day, they won’t
really call each other out. Whereas here, when we see
something we don’t like, no one is afraid to bring it up
because we are not stepping on anybody’s toes because of their massive banking experience in the past.

Overall, both existing research and our interviews
suggest three mechanisms whereby the proportion
of domain experts may be negatively related to the
effectiveness of a board as a strategic decisionmaking group: cognitive entrenchment, group overconfidence, and reduced task conflict. These
mechanisms, in part, reflect tendencies in expert
cognition—how domain experts tend to interpret
the environment and judge the accuracy of their
assumptions about it—but, at the board level, these
mechanisms are likely to manifest themselves in
large part because of the status of domain experts
(Derber et al., 1990). Thus, the proportion of domain
experts is likely to affect boards not simply because
of a mere aggregation of domain experts’ individuallevel tendencies but because other board members
tend to defer to domain experts in the group (Woolley
et al., 2008). In other words, domain experts’
judgements, which might be subject to cognitive
entrenchment and overconfidence, are likely to be
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problematic not simply in their own right, but rather
because deference to expertise makes other board
members unable or unwilling to challenge experts’
judgements. In this sense, the three potential mechanisms at play are likely to operate jointly rather than
independently: Lower task conflict resulting from
deference to expertise can reinforce domain expert
directors’ overconfidence and cognitive entrenchment as the board fails to consider alternative views.
The Moderating Role of Decision Uncertainty
Although the above-described three mechanisms
imply that a greater proportion of domain experts on
a board may be associated with less effective decision
making, these mechanisms are unlikely to be equally
strong and consequential in all situations and probably do not always offset the benefits that domain experts might bring to a board. Specifically, we argue
that these detrimental mechanisms are more likely to
surface under greater decision uncertainty. Identified
in prior work as a critical factor that affects strategic
decision making, decision uncertainty is high when
outcomes are difficult to predict and information
about relevant cause-and-effect relationships is limited or ambiguous—such as when decision makers
cannot easily anticipate the consequences of their
investments or the strategic moves of competitors
(Beach & Mitchell, 1978; Dean & Sharfman, 1993;
Elbanna & Child, 2007; Papadakis, Lioukas, &
Chambers, 1998). Decision uncertainty often arises
from the environment and the activities of the focal
organization (Leblebici & Salancik, 1981). For example, decision uncertainty is likely to be greater when
an organization operates in markets that are less predictable (e.g., due to intense competition or to the
lack of clear and reliable information) or when it is
expanding rapidly into uncharted market segments. In
contrast, decision makers tend to face less uncertainty
when the organization is in a relatively predictable
market during a period of organizational stability
(Busenitz & Barney, 1997; Kobelsky, Hunter, &
Richardson, 2008; Leblebici & Salancik, 1981).
Existing research suggests several reasons why tendencies for cognitive entrenchment, overconfidence,
and limited task conflict may be both more pronounced on a board and more consequential for the
focal organization under higher levels of decision
uncertainty. First, the higher the degree of decision
uncertainty, the greater the likelihood that cognitive entrenchment will undermine the effectiveness of strategic decision making. As Dane (2010:
592) noted, entrenchment “may be especially costly
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during periods of change and uncertainty” because
such periods demand greater flexibility from decision
makers to address changing, unpredictable conditions
(see also Tiwana, Wang, Keil, & Ahluwalia, 2007). In
contrast, in routine situations with a relatively high
degree of stability and predictability, entrenchment
might be unproblematic, or even advantageous, as it
can “produce functional and reliable responses to
commonly encountered problems” (Dane, 2010: 592).
Consistent with this idea, there is evidence that inflexibility in modifying corporate strategy and structure is more detrimental to a firm’s survival chances
under uncertain conditions than in more predictable
and stable situations (Haveman, 1992).
Second, under increased decision uncertainty,
expert overconfidence is both more likely to occur
and more likely to become problematic for strategic
decision making in groups. Prior research suggests
that overconfidence regarding one’s professional
judgment is more likely “when a decision environment is nonrepetitive or ambiguous” (Simon &
Houghton, 2003: 139). For example, while meteorologists do not systematically overestimate the
accuracy of their predictions when forecasting rain
(Murphy & Winkler, 1977), they do exhibit overconfidence when predicting tornadoes—that is,
when they lack a sufficient number of repetitive and
unambiguous prior observations to help calibrate
judgment (Murphy & Winkler, 1982). Similarly, the
greater the level of market uncertainty, the higher
the degree of overconfidence that financial professionals exhibit (Ben-David, Graham, & Harvey,
2013). Moreover, expert overconfidence may be less
problematic for strategic decisions when decision
makers face limited uncertainty. Because predictable environments tend to be more “forgiving,” the
consequences of poor decisions due to overconfidence
might be limited in the absence of uncertainty
(Davis, Eisenhardt, & Bingham, 2009).
Finally, the lack of task conflict among board
members is also more likely to be consequential
under greater decision uncertainty. Because task
conflict fosters more effective and critical consideration of information and alternative courses of
action (Jehn, 1995), it is particularly important to
the quality of strategic decisions under uncertainty
(see Forbes & Milliken, 1999). By contrast, under
more stable and predictable circumstances, and
when dealing with commonly encountered problems, the critical and investigative interaction
processes that result from task conflict in a board
may be less essential for effective decisions (Forbes
& Milliken, 1999).
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Decision Uncertainty in the Context of Local Banks
Taken together, the above arguments suggest that
the possible dysfunctional tendencies that may be
related to greater proportions of domain experts on
boards—cognitive entrenchment, group overconfidence, and limited task conflict—are more likely to
prove harmful when decision uncertainty is higher.
In the context of local banks, prior research and our
interviews point to three conditions under which
boards experience greater decision uncertainty.
First, our interviewees suggest that the decision
makers of a local bank face significant uncertainty if
the bank is experiencing rapid asset growth. In such
cases, because asset growth involves new lending,
the bank is likely to be operating in uncharted market territory, often facing decisions about previously
unknown borrowers, lending areas, and sources
of loans (Office of the Comptroller of the Currency,
2001). Consistent with this observation, finance
scholars have noted that asset growth tends to create
significant uncertainty for a bank’s decision makers
because it often implies that the bank is dealing with
market segments and “borrowers. . . that were previously unknown or non-existent” (Foos, Norden, &
Weber, 2010: 2929). Similarly, our interviews with
board members suggest that fast asset growth entails
greater uncertainty because it involves rapidly
expanding the pool of potential borrowers and, at the
board level, having to manage the approval and
oversight process for a large number of loans for such
borrowers. Thus, fast asset growth is likely to be a key
source of uncertainty for local banks’ boards.
Second, our interviews suggest that the level of
uncertainty that a local bank’s decision makers face
depends partly on the type of lending markets in
which the bank operates. In particular, our informants
have noted that a high degree of uncertainty is
associated with lending markets that involve nonstandard real estate loans, that is, loans for real estate
other than ordinary family residential properties.
Such non-standard loans include land, construction,
and development loans, farm loans, large multifamily
residential loans, and other commercial real estate
loans (Basel Committee on Banking Supervision,
2006). The boards of banks that are heavily involved
in non-standard real estate lending markets face uncertainty because clients in such markets tend to be
highly heterogeneous, often with uncommon profiles
(see Achrol & Stern, 1988). Thus, in decisions about
major loans in such markets, boards have limited access to past trends, historical performance, or other
systematic information that could reduce the degree
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of uncertainty about the associated risks and potential
profits. This is in stark contrast to banks that are primarily involved in standard real estate markets focused on regular family residential properties, which
are characterized by a low degree of uncertainty because of the availability of detailed information about
past patterns and risk factors (see Busenitz & Barney,
1997; Leblebici & Salancik, 1981).
Third, the level of decision uncertainty may be
greater for boards of local banks that operate in a geographic area with many other locally-based banks. Our
interviewees have consistently indicated that the direct competitors of a local bank are other local banks in
the same area. Local banks compete for deposits, loans,
and investor capital most intensely not with large regional or national banks but with other local banks,
which offer similar “relationship-based” local services. Having a large number of direct competitors, in
turn, can increase environmental complexity, which
makes anticipating rivals’ actions difficult (see Kor,
Mahoney, & Watson, 2008), thus creating uncertainty
for strategic decision makers. Thus, having a high
number of locally-based competitors is a likely source
of decision uncertainty for boards in our setting.
Domain Expert Directors and the Risk of Bank
Failure
The juxtaposition of our arguments about the moderating role of decision uncertainty in general and the
specific conditions that create decision uncertainty in
the particular context of local banks suggests several
hypotheses. We expect that under each of the conditions associated with decision uncertainty—(1) fast
asset growth, (2) involvement in non-standard real
estate lending markets, and (3) a high number of other
locally-based banks in the same area—a higher proportion of domain experts on a board may contribute
to less well-considered or less cautious strategic decisions and thus increase a bank’s risk of failure. In
other words, we hypothesize that the greater the degree to which these conditions are present, the stronger the relationship between the proportion of domain
expert directors and bank mortality. Accordingly, we
propose three closely related hypotheses that reflect
our general argument in the banking context.
First, because critical and cautious deliberations are
particularly important for effective decision making
under uncertainty, the proportion of domain experts
on a board will be more strongly related to the risk of
failure if the focal bank is experiencing faster asset
growth, a key condition associated with increased decision uncertainty for local banks. Hence we predict:
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Hypothesis 1. The higher a bank’s asset growth
rate, the stronger the relationship between the
proportion of banking expert directors and bank
mortality.
Second, by the same general argument, we suggest
that the proportion of domain expert directors will be
more strongly related to the risk of failure when the
bank is more heavily involved in the market for nonstandard real estate loans, a lending market characterized by a high degree of uncertainty. Of course, as
we have emphasized, the primary experts in this
context are bankers, so our hypotheses focus on the
proportion of directors with a background in banking. With regard to real estate lending, however,
there is also a second group of relevant experts: directors who are experts in the real estate domain.
Thus, we predict that the proportion of real estate
experts will also be more strongly associated with the
likelihood of failure when the focal bank is more
heavily involved in non-standard real estate lending.
Hypothesis 2a. The greater a bank’s involvement
in non-standard real estate lending, the stronger
the relationship between the proportion of
banking expert directors and bank mortality.
Hypothesis 2b. The greater a bank’s involvement
in non-standard real estate lending, the stronger
the relationship between the proportion of real
estate expert directors and bank mortality.
Finally, as noted above, having a large number of
direct competitors is another potential source of decision uncertainty for local banks’ boards. Thus,
a third prediction that emerges from our argument is
that the strength of the relationship between the
proportion of domain expert directors and the likelihood of bank failure will increase with the number
of direct competitors, that is, the number of other
locally-based banks in the same geographic area.
Hypothesis 3. The greater the number of locallybased banks in the focal bank’s geographic area,
the stronger the relationship between the proportion of banking expert directors and bank
mortality.

METHODS
We tested our hypotheses using a dataset linking board members’ professional biographies to the
failure of local banks. To identify domain experts
on boards, we obtained biographical data on directors from three sources. The first source was the
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regulatory form “Interagency Charter and Federal
Deposit Insurance Application,” a filing of prospective banks that is necessary to receive the required deposit insurance guarantee from the
Federal Deposit Insurance Corporation (FDIC) and
to receive federal or state charter approval from
such regulators as the Federal Reserve, the Office of
the Comptroller of the Currency, or state-level regulators. The second source was the “Annual Report
of Bank Holding Companies” form, which includes
information about the bank subsidiaries of holding
companies. Both these forms include biographical
statements of board members at the time of founding, describing their prior professional experiences
and other relevant qualifications. The third source
of biographical data was SNL Financial, a research
organization providing news and data about
U.S. banks. Through SNL Financial, we obtained
biographical information on directors who joined
a relevant board after the founding stage. We
gleaned these data from banks’ press releases and
documents that banks issued to regulators at any
point after their founding.
Sample
We studied local banks founded between 1996 and
2012. Consistent with the FDIC’s definition, we define a local bank, or community bank, as a bank that
has: (a) its own legal charter, (b) aggregate assets below $1 billion, and (c) a business model that focuses
on lending and deposit gathering activities in
a county (or adjacent counties) around the location of
its headquarters. We focus on banks founded since
1996 for two reasons. First, this approach helped
alleviate the problem of left truncation, a critical issue in research on failure rates. Because all banks
entered the sample at or after the beginning of our
observation window, no sampled bank had lefttruncated records. Second, focusing on banks founded in or after 1996 was advantageous because
pre-1996 biographical information on bank directors
was spotty in all three of our data sources. Overall,
we were able to carefully obtain biographical information for 1,307 banks (annually updated over an
average period of 9.5 years). These banks represented 57% of the entire population of banks founded during the relevant period. We conducted
extensive comparisons between our sample and the
remaining banks in this population based on a range
of observable characteristics, including bank size,
financial profile indicators, location, and mortality, but found no significant differences. Because of
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lagged independent variables, our estimation sample
included 9,957 bank-year observations.
Measures
Dependent variable. Given the regulated nature
of the banking industry, the FDIC has direct and
ongoing access to information about troubled banks
and intervenes when a bank is unable to satisfy its
depository obligations. Accordingly, in our empirical definition, a bank failure occurs when the FDIC
intervenes in response to a bank’s inability to satisfy
its depository obligations. Such intervention involves either liquidating the bank or acting as a broker between the focal bank and an acquiring bank
that assumes its depository liability. In most cases,
the acquiring bank purchases some or all of the failing bank’s assets in addition to absorbing its deposits
and related obligations, usually at some cost to the
FDIC. But if the FDIC is unable to find a buyer at the
time of failure, it may retain the bank’s assets for later
disposition and liquidate the failed bank after paying the required insurance amount directly to depositors. We obtained information about bank failures
from SNL Financial.
Alternative outcomes for banks, other than failure,
included: (a) survival, (b) merger with another institution that occurred without the above-described
type of FDIC intervention (i.e., a type of merger that
typically represents a desirable outcome), or (c) bank
reorganization (when parent companies recombined
their subordinate banks, leaving no trace of the
original banks). Of the 1,307 banks in our final sample, 124 (9.5%) failed, 1,015 survived, and 168 disappeared as a separate entity due to a merger or
reorganization that did not involve a failure to meet
depository obligations. All these outcomes occurred
at the bank (rather than branch) level.
It is worth nothing that the observed failure rate is
comparable to rates of failure in the universe of
U.S. banks since the early 1990s (based on SNL Financial’s bank failure data). While this rate might
seem low in comparison to the mortality of new
businesses in other industries, it is not surprising
given the rigorous regulatory approval process during which prospective bank founders must demonstrate the viability of their proposed venture. Indeed,
the failure rate for new banks is consistently lower
than the failure rate for new general businesses
(e.g., Seballos & Thomson, 1990).
Independent variables. The variable proportion
of banking experts reflected the proportion of directors (at the start of year t) whose biographical
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records indicated banking experience before joining
the board. Such experience tended to be included in
biographical records only if the person in question
had previously reached at least the rank of Executive
Vice President in a bank. Thus, this variable captured
the proportion of directors with substantial experience in the banking domain. Likewise, the variable
proportion of real estate experts reflected the proportion of directors whose biographical records indicated a background in the real estate domain
(e.g., in real estate development and construction).
Typical profiles included owners or top executives
of real estate development and real estate investment
companies. Both these variables were time-variant
and measured annually.
Financial data on a bank’s rate of asset growth and
the amount of non-standard real estate loans (in
millions of dollars)1 (both lagged by one year)
allowed us to test Hypothesis 1 and Hypothesis 2. To
test Hypothesis 3, we measured the number of
locally-based banks as the time-variant count of
banks based in the focal bank’s county. This measure
is consistent with our interviewees’ accounts that
emphasized locally-based banks as the primary direct competitors for our population of interest. To
account for variation in the size of the market for
banking services across counties, all of our regression models controlled for the dollar value of
total deposits in the county. With this control in the
models, the number of locally-based banks variable
captures how many locally-based banks were competing with the focal bank for a given deposit base.
Control variables. Our analyses controlled for key
characteristics of the focal board, the bank, and the
environment. At the board level, we controlled for
several aspects of board diversity that can affect
board effectiveness (Forbes & Milliken, 1999) and
may also be correlated with the proportion of domain experts. We controlled for the diversity of
the professional backgrounds of directors using
Blau’s (1977) index based on 11 common professional categories (banking, real estate, law, medicine, insurance, public sector, military, accounting,
other financial, regulatory, and other business). We
1

In loans secured by real estate assets, non-standard real
estate loans include land, construction, and development
loans, farm loans, large multifamily residential loans, and
other non-residential or farming commercial real estate
loans. Standard real estate loans involve smaller family
residential properties (with one to four units). This categorization reflects the Basel Committee on Banking Supervision report (2006).
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captured tenure diversity using the coefficient of
variation, that is, the standard deviation of tenure on
the board divided by the mean tenure (Williams &
O’Reilly, 1998) and controlled for the proportion
of male directors to account for the level of gender
diversity. We also included board size (number
of directors) at founding, a standard control in
the literature on governance and founding teams
(Bunderson & Sutcliffe, 2002; Van Der Vegt &
Bunderson, 2005), which may have important effects on board functioning (see Forbes & Milliken,
1999). Further, we controlled for turnover (the
number of new members who joined the board between the beginning of year t-1 and the beginning
of year t) because rapid turnover can signal trouble
for a bank and may also be related to changes in the
relative proportion of domain experts (see Hambrick &
D’Aveni, 1992).
At the bank level, we controlled for key variables
that may be correlated with bank failure: initial asset
size (logged to account for skewness), the proportion
of brokered bank deposits (lagged), the number of
branches, and whether the bank had a parent company. De novo bank, a dummy variable, was coded as
1 if the bank did not have a parent when it filed for
regulatory approval.
Finally, to capture environmental factors and economic conditions that might affect the risk of bank
failure, we controlled for the annual domestic rate of
gross domestic product (GDP) growth (lagged), the
total number of bank failures (total bank failures)
during the year, and to capture cohort effects, the
number of banks founded in the United States in
the same year as the focal bank (cohort size). At the
county level, to account for aspects of the local
competitive landscape that might affect the risk of
failure, we controlled for the number of non-local
banks, the total value of bank deposits (in millions of
dollars), and the level of per capita income in the
county (in thousands of dollars).
Statistical Approach
Competing-risks regression. We tested the hypotheses using competing-risks regression models,
treating time to failure as discrete survival time data.
Since reorganization and bank merger are other mutually exclusive outcomes for banks, the competingrisks model is more appropriate in this case than
a Cox model. A Cox model would inappropriately
treat alternative hazards as censored data. However, unlike censoring, which merely prevents one
from observing an event, a competing event (e.g., a
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merger or reorganization) prevents the event of interest (bank failure) from occurring. Thus we used
maximum-likelihood estimation to fit competingrisks regression models with multiple-record-persubject survival data (Fine & Gray, 1999). Like the
Cox model, the competing-risks model is semiparametric in that the baseline subhazard for the risk
of interest h 1, 0 (t) is left unspecified, while the effects
of the covariates xi are assumed to be proportional,
an assumption that was confirmed in our data. We
specified the following model:
ℏ1,ðtjxÞ 5 ℏ1,0,ðtÞ 3 expðb1 x1 1 b2 x2 1. . .1 bk xk Þ:
As in other survival time models, a shorter time period elapsing between establishment and failure indicates greater likelihood of failing. Thus, this model
estimates the relationship between the independent
variables and the predicted probability that a bank
fails before a certain age, while accounting for other
reasons why a bank may disappear from the sample.
To obtain robust variance estimates and to account
for the existence of multiple observations per bank,
we used cluster-adjusted standard errors, which allow for intragroup correlation and represent the default choice of standard errors for competing-risks
models with multiple-record data. Using this approach, we report the models that predict the likelihood of bank failures.
To conserve space, we omit models of the competing outcomes (mergers and reorganizations), for
which we had no hypotheses. While these models
showed no statistically significant relationship between the proportion of banking or real estate experts
and the competing outcomes, several of our control
variables were significant predictors of mergers
and reorganizations. Both these outcomes were
more likely in years with higher GDP growth and in
counties with higher levels of per capita income. In
addition, de novo banks were less likely to undergo
reorganization than banks with a parent company.
Inverse-probability-of-treatment-weighted
method. One concern about capturing the relationship between a bank’s board composition and the
probability of failure is that board composition is not
randomly assigned and so certain types of banks may
be more likely than others to have a higher proportion
of domain experts. Thus, if banks that select or attract
a higher proportion of domain expert directors are
different from banks that tend to have a lower proportion of domain experts, then it is difficult to determine whether observed differences in outcomes
(such as bank failure) are attributable to differences in
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the proportion of domain experts or to other bank
characteristics. In an ideal experiment, by contrast,
the proportion of domain experts would be randomly
assigned to banks or, alternatively, each bank would
be observed under different (higher and lower) proportions of domain experts on its board. Such an experiment, of course, is impossible. To address this
issue, we estimated our models using the inverseprobability-of-treatment-weighted (IPTW) method, a
two-stage selection-on-observables estimation technique (Hernán, Brumback, & Robins, 2000; Robins,
Hernán, & Brumback, 2000) that corrects for each
bank’s tendency to have an expert-heavy board. IPTW
is used commonly in observational research to mitigate selection bias and adjust for non-random treatment (Pontikes, Negro, & Rao, 2010; Yue, Luo, &
Ingram, 2013). Following the logic of counterfactuals
(Winship & Morgan, 1999), this weighting approach is
analogous to simulating what would happen if all
banks experienced both high and low proportions of
domain experts, thus addressing the possibility that
only certain types of banks have a high proportion of
domain expert directors.
To implement this method, we first estimated
probit models that predicted the probability of each
bank having an expert-heavy board (i.e., a board in
which the joint proportion of banking and real estate
experts was above the median level) using a set of
independent variables that emerged from our interviews as potentially relevant. The final model from
this analysis appears in Appendix B. This model indicates that banks with a parent company were more
likely than de novo banks to have an expert-heavy
board. A bank was also more likely to have an expertheavy board if, at the time of founding, there were
many existing banks in its county (a proxy for the local
supply of potential board members with banking experience) and if GDP growth was high. Boards with
a joint chair-CEO also tended to have a higher proportion of domain experts. In addition, there was
some variation in the proportion of domain experts
depending on the regulator that granted a bank’s
charter approval: banks that received approval from
the Office of the Comptroller of the Currency were
especially likely to have an expert-heavy board. Based
on these variables, our probit model produced estimated probabilities of receiving the treatment of an
expert-heavy board versus the treatment of a nonexpert-heavy board. Then, to test our hypotheses with
the IPTW method, we weighted each observation in
our main models in inverse proportion to the estimated probability of the treatment that it actually received (Robins et al., 2000).
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RESULTS
Table 1 provides descriptive statistics and bivariate correlations. One noteworthy correlation is the
relatively strong negative association between the
proportion of bankers and the level of professional
diversity (r 5 2.48). This negative correlation is
unsurprising because a very high proportion of
bankers implies low professional diversity. At the
same time, as our example in the Introduction illustrates, these two variables capture distinct group
characteristics. Indeed, this correlation coefficient
implies that the diversity variable explains only 23%
of the variation in the proportion of experts (i.e., r2 5
0.482 5 .23); the remaining 77% of variation in the
proportion of experts is not captured by diversity.
Moreover, our results remain similar whether professional diversity is included or not, suggesting that
collinearity between the two variables did not influence the results. Finally, supplementary analyses show that replacing the proportion of experts
with professional diversity in our hypothesized interaction terms does not produce similar results as
our primary analyses, a result consistent with the
idea that these two variables have distinct effects.2
Table 2 presents tests of the hypotheses. Model 1
includes only the main independent variables and
the controls, without the hypothesized interactions.
Models 2, 3, and 4 examine bank failure as a function of the interaction between the proportion of
domain experts and asset growth (Hypothesis 1),
non-standard real estate lending (Hypothesis 2), and
the number of locally-based banks (Hypothesis 3),
respectively. Model 5 includes all the interaction
terms together in one model. In these models, a positive coefficient indicates that a particular variable
increases the predicted likelihood of failure; a negative coefficient implies a decreased probability of
failure. Coefficients in competing risks models, however, do not provide a simple, intuitive interpretation
2
Table 1 also shows that the proportion of domain experts was not significantly correlated with asset growth or
involvement in non-standard real estate lending, and only
had weak association with the number of locally-based
banks in the area. This is consistent with our informants’
accounts suggesting that these conditions are influenced
by several factors exogenous to the composition of boards,
such as the tolerance of regulators for different growth and
lending aspirations at the time of approving a bank’s
business plan. Regulators’ approach to business plans, in
turn, is likely to be shaped by macroeconomic forecasts at
the time as well as idiosyncratic factors, such as the regulator’s recent experiences with failed banks.
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n 5 9,957 bank-years (1,307 banks).
It is important to interpret the mean value of this variable in light of the fact that our unit of observation is the bank-year (rather than the bank). The failure rate at the bank level is
9.5% (i.e., roughly one in 10 banks in the sample failed by the end of our time window).
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TABLE 2
Coefficients for Competing-Risks Models Predicting Bank Failurea
Model 1
Independent Variables
Proportion of banking experts
Proportion of real estate experts
Asset growth
Non-standard real estate loans
Number of locally-based banks
Hypothesized Interactions
Proportion of banking experts 3 Asset growth
(Hypothesis 1)
Proportion of banking experts 3 Non-standard real
estate loans (Hypothesis 2a)
Proportion of real estate experts 3 Non-standard real
estate loans (Hypothesis 2b)
Proportion of banking experts 3 Number of locallybased banks (Hypothesis 3)
Controls (board)
Professional diversity
Tenure diversity
Proportion of male directors
Board size
Turnover
Controls (bank)
Initial asset size (log)
Brokered deposits
De novo bank
Branches
Controls (environment)
GDP growth
Cohort size
Total bank failures
Non-local banks in county
Total deposits in county
Per capita income in county
Log pseudolikelihood

22.63
(1.73)
.56
(1.10)
–.06**
(.02)
2.21**
(.70)
–.04**
(.01)

Model 2

22.35
(1.58)
.67
(1.10)
–.09**
(.03)
2.16**
(.69)
–.03**
(.01)

Model 3

24.00*
(1.81)
–.39
(1.25)
–.06**
(.02)
–.40
(1.26)
–.04**
(.01)

Model 4

Model 5

23.94
(2.51)
.35
(1.11)
–.06**
(.02)
2.15**
(.78)
–.06**
(.02)

24.81*
(2.43)
–.50
(1.26)
–.09**
(.03)
–.18
(1.29)
–.06**
(.02)

.07
(.05)

.11**
(.04)
4.48*
(2.21)
5.68*
(2.41)
.07
(.06)

.10**
(.04)
5.26*
(2.13)
5.79*
(2.50)

21.26
(1.40)
.00
(.68)
21.59
(1.23)
–.09**
(.03)
21.21*
(.52)

21.26
(1.43)
–.08
(.67)
21.63
(1.25)
–.09**
(.03)
21.18*
(.52)

21.43
(1.45)
–.19
(.69)
21.56
(1.21)
–.08**
(.03)
21.22*
(.54)

21.49
(1.51)
.28
(.78)
21.65
(1.21)
–.08**
(.03)
21.21*
(.51)

21.67
(1.56)
–.04
(.76)
21.63
(1.22)
–.07**
(.03)
21.16*
(.52)

–.23
(.21)
.02
(.01)
2.93
(1.55)
–.02*
(.01)

–.24
(.21)
.02
(.01)
2.92
(1.59)
–.02
(.01)

–.23
(.21)
.03
(.01)
2.64
(1.43)
–.03
(.03)

–.24
(.21)
.02
(.02)
2.88
(1.49)
–.02
(.02)

–.23
(.21)
.02
(.02)
2.66
(1.38)
–.04
(.03)

.06
(.06)
–.00
(.01)
.02**
(.00)
.01
(.01)
–.00
(.00)
–.00
(.00)
2425.6

.06
(.06)
–.00
(.01)
.02**
(.00)
.01
(.01)
–.00
(.00)
–.00
(.00)
2423.6

.08
(.06)
–.01
(.01)
.02**
(.00)
.01
(.01)
–.00
(.00)
–.00
(.00)
2420.0

.05
(.06)
–.00
(.01)
.02**
(.00)
.01
(.01)
–.00
(.00)
.00
(.00)
2424.0

.06
(.06)
–.00
(.01)
.02**
(.00)
.01
(.01)
–.00
(.00)
–.00
(.00)
2417.0

n 5 9,957 bank-years (1,307 banks). Robust standard errors, adjusted for clustering by bank ID, are in parentheses. All models include state dummies.
*p , .05
**p , .01
a
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of effect size. Thus, after presenting our regression
analysis, we use figures to illustrate effect sizes.
A key result of theoretical interest from Model 1 is
that the proportion of directors who were banking or
real estate experts had no significant main effect on
bank failure. That is, there is no evidence that having a higher proportion of domain expert directors
would automatically lead to higher or lower probability of failure. Rather, as we theorized, and as the
subsequent models indicate, the relationship between the proportion of domain experts and the risk
of bank mortality was contingent on the level of
decision uncertainty.
First, as predicted, Models 2 and 5 show that
a bank’s asset growth moderates the relationship
between the proportion of banking experts and
the likelihood of bank failure: When the focal
bank’s asset growth rate was high rather than low,
the proportion of banking expert directors was
more strongly related to the risk of failure. This
finding provides support for Hypothesis 1. Second,
Models 3 and 5 are consistent with both Hypothesis
2a and Hypothesis 2b. The greater a bank’s involvement in non-standard real estate lending, the stronger
the relationship between the proportion of directors
who are domain experts (in banking and real estate)
and the probability of bank failure. Third, although
the coefficient estimate for the interaction term relevant to Hypothesis 3 is in the predicted direction
in Models 4 and 5, it is not significant. Overall, the
results support Hypothesis 1, Hypothesis 2a, and
Hypothesis 2b.
To help interpret our results, Figures 1, 2, and 3
reflect the estimates of our competing-risks models
to illustrate how the predicted cumulative incidence
of failure varies by the proportion of domain experts
on the board and by the level of decision uncertainty.
Thus, these figures show the predicted probability,
under different conditions, that a bank will fail before reaching a certain age.
Figures 1 and 2 display results relevant to Hypothesis 1 and Hypothesis 2a under different conditions of decision uncertainty. Both these figures
compare predicted failure rates for banks in which
50% of the directors are banking experts versus those
in which only 10% are banking experts, corresponding to roughly one standard deviation above
and below the mean proportion of banking experts.
Figure 3, which focuses on Hypothesis 2b, displays
predicted failure rates for banks in which 40% of the
directors are real estate experts versus those in which
10% are real estate experts, which corresponds to
roughly one standard deviation above and below the
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mean proportion of real estate experts, except that
we set the low proportion of real estate experts at
10%, rather than 3%, because the former is more
meaningful as the average board consisted of roughly
10 directors. All three figures display the cumulative
incidence of failure over a 15-year period, a time
span that corresponds to the approximate range for
age in our data. In each figure, the relevant moderating variable is set at its 15th percentile (low level)
and 85th percentile (high level) to ensure that plotted
values are within the range of actual observations.
Figure 1 pertains to Hypothesis 1. Given the negative
association between asset growth and failure (as banks
on the verge of failure do not tend to grow fast), the two
red lines, which show the likelihood of failure under
fast asset growth, are below the black lines, which indicate slow asset growth. What is most relevant to
Hypothesis 1 is that, while the two black lines remain
fairly close to each other over time, the gap between
the two red lines is relatively large. This suggests that
under slow asset growth (i.e., limited decision uncertainty), the proportion of banking experts on the
board has relatively little effect on failure rates, but
under fast asset growth, the proportion of banking expert directors is clearly associated with a higher risk of
failure (although the level of this risk is still lower than
it is under conditions of slow growth).
Figure 2 illustrates Hypothesis 2a. This figure shows
that when the focal bank is engaged in a substantial
amount of non-standard real estate lending (shown by
the red lines), the probability of failure is clearly
higher with a higher proportion of banking experts on
the board than with a lower proportion of banking
experts. In contrast, when a bank is mostly engaged in
standard real estate lending, having a high rather than
low proportion of banking expert directors is actually
associated with a somewhat lower failure rate.
Finally, Figure 3 displays patterns relevant to Hypothesis 2b. When a bank is engaged in a substantial
amount of non-standard real estate lending, then a
higher proportion of real estate experts on the board is
clearly associated with a higher likelihood of failure.
However, when a bank is mostly engaged in standard
real estate lending, the proportion of real estate experts
on the board has limited effect on bank mortality.
Additional Analyses
To investigate the possibility of a curvilinear relationship between the proportion of domain experts
and bank mortality, we conducted supplementary analyses by entering the squared term for the proportion
of banking (or real estate) experts into our regression
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FIGURE 1
Predicted Cumulative Incidence of Failure for Banks under Slow and Fast Asset Growth, by Proportion of
Banking Experts on the Board
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equation. As an additional approach to possible curvilinearity, we divided the proportion of banking (or
real estate) experts into quartile dummies. We found
no evidence for a curvilinear relationship between the
proportion of domain experts and the risk of bank
failure with either approach.
Another question unaddressed in our main analysis
is whether the effect of the proportion of domain experts is visible even when examining more proximate
indicators of financial trouble than bank failure. Of
course, one attractive aspect of actual failure as a dependent variable is that it is not based on self-reported
accounting data and is therefore insusceptible to manipulation and less noisy than other measures. While
an actual bank failure is a clear and undeniable sign
of financial trouble, a struggling bank may be able
to present parts of its accounting data in a way that
downplays some of its problems. Indeed, despite
standard accounting rules on paper, there is some latitude in practice regarding what to classify as a nonperforming loan or asset. In addition, failures to enforce
internal controls, and even legal violations, may lead
some banks to underreport financial problems. Thus,
the accuracy of accounting-based indicators may be
tainted by differences in banks’ transparency in

reporting lending mistakes (e.g., United States General
Accounting Office, 1991). For these reasons, the relationships between our variables of interest and
accounting-based outcome measures may be noisy.
Nevertheless, we examined whether the interaction
terms of theoretical interest predict two key indicators
of financial trouble (Getter, 2014): (1) non-current loans
(i.e., loans that are overdue or in non-accrual status) as
a percentage of assets, and (2) non-performing assets
(which includes loans, debt securities, and other assets
that are not accruing interest, as well as restructured
loans and foreclosed or repossessed properties) as
a percentage of equity capital. As Models C1 and C2 in
Appendix C show, several results from these analyses
parallel our main findings, but as we expected, effects
on accounting-based measures are more noisily estimated and not as clearly visible in the data as effects on
the unambiguous outcome of actual failure.
A related question is whether these indicators of
financial trouble mediate the relationship between
the hypothesized interaction terms and bank failure.
Following Baron and Kenny’s (1986) procedure, the
first step in this mediation analysis is to show that
our interaction terms of interest are correlated with
bank failure. The models in Table 2 establish these
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FIGURE 2
Predicted Cumulative Incidence of Failure for Banks under Low and High Levels of Non-Standard Real Estate
Loans, by Proportion of Banking Experts on the Board
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correlations. The second step is to show that the
interaction terms are correlated with the potential
mediator, that is, our indicators of financial trouble.
Models C1 and C2 in Appendix C provide some evidence for these correlations. The third and fourth
steps involve estimating a regression equation that
predicts the ultimate outcome (bank failure) as
a function of the hypothesized interactions as well as
the financial trouble indicators. Models C3 and C4 in
Appendix C show these equations. These models are
identical to Model 5 in Table 2 except that, unlike
Model 5, they control for non-current loans and nonperforming assets. Consistent with a mediation
pattern, the coefficient on non-current loans and
non-performing assets is statistically significant in
these equations, while most coefficients for our hypothesized interactions are no longer significant. This
suggests that financial performance (as measured by
our accounting indicators) almost completely mediates the relationship between the proportion of domain experts and the risk of bank failure.
Finally, we also considered the alternative account
that, while the proportion of domain expert directors

is related to bank failure under some conditions, it
might also be associated with higher returns. Therefore, using a series of supplementary models, we estimated the effect of the proportion of domain experts
on a bank’s return on average equity and return on
average assets but found no systematic relationship,
either in the absence or the presence of conditions
associated with increased decision uncertainty.
DISCUSSION
Given the importance of effective corporate
boards in governance and strategic decision making,
it is imperative to understand which dimensions
of boards are most consequential and how exactly
those dimensions matter for organizational outcomes
(Dalton & Dalton, 2011; Forbes & Milliken, 1999;
McNulty, 2013). To date, although a voluminous literature has focused on the composition of boards, it
has revealed relatively few consistent links between
board composition and corporate financial health
(Dalton et al., 1998; Dalton & Dalton, 2011). Our
study introduces the relative representation of domain
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FIGURE 3
Predicted Cumulative Incidence of Failure for Banks under Low and High Levels of Non-Standard Real Estate
Loans, by Proportion of Real Estate Experts on the Board
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expert directors versus non-expert board members as
a key aspect of board composition. In theorizing the
relationship between this variable and a firm’s survival chances, we have developed the argument that
the relationship between the proportion of domain
experts on a board and the risk of organizational
failure is contingent on the level of decision uncertainty. Consistent with this proposition, our
results show that the positive relationship between
the proportion of domain experts on local banks’
boards and the probability of bank failure is
stronger when decision uncertainty is high rather
than low. These findings have theoretical implications for the specific dimensions of board composition that matter for firms’ financial health, the
conditions under which the professional background
of directors is more or less consequential, and the
mechanisms by which the makeup of a board affects
organizational outcomes.
At the most basic level, this research extends our
understanding of what the critical features of board
composition are. Shifting the scholarly conversation

away from the traditional focus on board diversity, we
highlight the proportion of domain experts as a distinct and highly consequential characteristic of corporate boards. Accordingly, our results show that the
proportion of domain expert directors was related to
a vital organizational outcome—survival or failure—
even after accounting for the influence of professional, tenure, and gender diversity on boards. Although often overlooked in prior research (Dalton
et al., 1998; Dalton & Dalton, 2011; Forbes & Milliken,
1999), we suggest that the presence of domain experts
is a potentially critical factor in understanding the
consequences of board composition on organizations.
Highlighting this factor as a key dimension of
board composition is especially important in advancing our understanding of boards because the
effect of domain expert directors on organizational
outcomes is far from obvious. Indeed, in our context,
the idea that expert-dominated boards might have
serious negative consequences for organizations
clearly defies conventional wisdom. Our interviews
suggest that regulators, consultants, and many bank
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founders favor domain experts as directors because
they see them as essential for navigating local banks
under uncertain conditions. Thus, as our informants
consistently noted, “if you have people with banking
experience at the board level, [regulators and investors] love to see that.” Contrary to this optimistic
view of expert-dominated boards, however, we show
that a high proportion of banking expert directors
may actually hurt banks’ survival chances. More
generally, despite the perception that the value of
domain experts comes from their ability to manage
uncertainty (see Shapira, 1995), we show that, ironically, it is precisely under conditions of uncertainty
that a higher proportion of domain experts is associated with organizational mortality. This finding
advances our understanding of corporate boards by
highlighting an important counter-intuitive effect of
board composition on organizational survival.
A crucial feature of our contingency perspective is
that it does not simply posit an automatic relationship between the proportion of domain experts
and organizational failure. Rather, it specifies the
boundaries of our core hypothesis and emphasizes
the theoretical importance of decision uncertainty
(Elbanna & Child, 2007) for influencing the extent to
which board composition matters for organizational
outcomes. Thus, this perspective contributes to the
literature on board composition by clarifying the
conditions under which the professional makeup of
boards matters the most. Although a large literature
has explored the effects of board composition on
organizations, our understanding of when board
composition is more or less consequential has been
limited. Our research helps advance this literature
by moving beyond a focus on simple, unmoderated
main effects to illuminate decision uncertainty as an
important contingency in the relationship between
board composition and organizational outcomes.
In developing this contingency argument, this
study has also theorized and qualitatively explored
the mechanisms that underlie our central hypothesis. Thus, we shed new light on some of the mechanisms by which board composition can affect
strategic decision making and, ultimately, the fate
of an organization. Building on prior research and
our interviews, we point to the influence of cognitive entrenchment and overconfidence as potential
mechanisms that are specifically associated with
higher proportions of domain experts, rather than
simply a limited degree of professional diversity. In
addition, as we noted, while one might expect less
task conflict whenever a large proportion of group
members are from a single profession, limited task
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conflict may be especially likely if that profession is
identified with expertise in the focal domain. These
possible mechanisms, in turn, imply that a higher
proportion of non-experts might benefit corporate
boards under some conditions by potentially limiting the influence of domain experts’ entrenchment
and overconfidence on group decisions and perhaps
by contributing to more critical or cautious group
deliberations during which members can voice
concerns and dissenting opinions. At the same time,
observations from our exploratory interviews are
suggestive rather than conclusive. Thus, this study
opens a path for more systematic future research into
decision-making processes in boards with different
proportions of domain experts.
Finally, our research also holds practical implications for creating effective boards, especially in the
banking sector. Our findings suggest that the proportion of domain expert directors is an important
variable to consider in board design. Indeed, this
variable might be particularly important from a
practical point of view because it is an easily visible
dimension of board composition that an organization can readily influence when forming a board or
adding new directors (see Almandoz, 2012; Pfeffer,
1972). Our findings caution against the assumption
that a higher proportion of domain experts will
necessarily make boards more effective. At the same
time, when interpreting our results, it is important
to bear in mind that most boards in our empirical
context include at least two directors with prior
banking experience to fulfill minimum regulatory
requirements of financial expertise (see Almandoz,
2012). Thus, our findings should not be taken to
imply that boards with no domain experts whatsoever are optimal; rather, what our results point to is
the importance of appointing a non-trivial number of
directors with primary expertise beyond the focal
domain, especially in boards that are likely to face
a significant degree of decision uncertainty.
Limitations, Boundary Conditions, and Future
Research
This study is not without limitations, some of
which suggest important avenues for future research.
First, we empirically focused only on banks that were
established after 1996. As we noted, this focus offered
significant empirical advantages because it allowed
us to avoid missing data problems and, most important, the problem of left truncation. The focus on
relatively young banks, however, does raise the
question of whether the effects we observe fade with
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organizational age. Thus, we conducted a series of
supplementary analyses to explore whether bank age
moderates the proposed relationships but found no
evidence for the fading of these effects with age. It is of
course possible that banks in our sample were not
tracked long enough (an average of 9.5 years, with
a maximum age of 16 years) for the influence of age to
be observable. Organizational age may thus be a potential boundary condition worth exploring in future
research.
Second, one concern is that our time window
(1996–2012) may be somewhat abnormal because it
includes the financial crisis of 2007–2008 during
which an unusually large number of banks failed in
the United States. Clearly, in a highly stable and
“forgiving” economic context, when even poorly
managed banks are unlikely to fail, board composition may have less dramatic consequences than in the
midst of a financial crisis. At the same time, most
years within our time window did not involve a financial crisis, and overall failure rates in our time
period were not substantially higher or lower than
failure rates in most decades between 1920 and 1990
(see Alston, Grove, & Wheelock, 1994; Seballos &
Thomson, 1990). Moreover, our models accounted for
year-to-year variation in economic conditions by
controlling for the rate of GDP growth and the number
of bank failures each year. In addition, as a robustness
check, we performed supplementary analyses in
which we dropped observations from 2008 and 2009,
the years that included quarters during which the
U.S. economy was in recession following the peak
of December 2007 (National Bureau of Economic
Research, 2014), and our results, even if somewhat
less statistically precise, were similar to those in our
main models. Future research might further examine
our research question specifically under extremely
volatile economic conditions or, conversely, in particularly stable and prosperous environments.
Third, one limitation of our dataset is that it does
not allow us to explore the possibility that some domain experts are less prone to tendencies like cognitive entrenchment or overconfidence. Dane (2010)
argues that some experts in a given domain may exhibit less entrenchment if they also focus attention on
tasks in other domains or if they have repeatedly
experienced changing conditions and unexpected
outcomes within their own domain, which might
lead them to question otherwise taken-for-granted
assumptions in the domain. Because we lack sufficiently detailed information about the careers of
bankers to distinguish degrees of prior exposure
to outside domains and to volatile or unexpected

August

conditions in the banking domain, we encourage
future research on how such heterogeneity may
moderate the relationships that we documented.
Fourth, another potential boundary condition
concerns the way we have conceptualized and measured decision uncertainty. In each case—rapid asset
growth, non-standard real estate lending, and a high
number of local competitors—the decisions in
responding to these types of uncertainty tend to be
familiar decisions that boards and, in particular,
domain experts are likely to have faced previously. It
remains an open question whether the relationships
that we have documented will also hold under different, largely unfamiliar kinds of uncertainty, such
as the introduction of dramatically new regulations
or the emergence of new types of competition.
Finally, the extent to which our hypotheses apply to
contexts beyond banking is a crucial question that
warrants additional empirical research. For example,
in industry settings in which boards of directors tend
to be less directly and actively involved in strategic
decision making than in the case of local banks, the
relationship between the proportion of domain expert
directors and the likelihood of organizational survival
might be less pronounced. It is also possible that, in
some industry settings, the legitimacy that boards
comprised of higher proportions of domain experts
might confer on a firm (see Daily & Schwenk, 1996;
Lynall et al., 2003) is so important to corporate performance and survival that it counterbalances the
effects documented in our study. Moreover, psychological research suggests that in some contexts domain experts may exhibit less overconfidence or
make less extreme judgments than do non-experts
(e.g., Brauer, Chambres, Niedenthal, & ChatardPannetier, 2004). While the definition of experts in
this line of research is different from our more sociological definition, the core issue of the transferability
of our findings to domains beyond banking remains to
be addressed empirically.
CONCLUSION
The impact of board composition on organizations is a topic of considerable interest to organizational scholars as well as managers and regulators
attempting to improve corporate governance and
decision making. Consequently, a rich literature has
explored how board composition can influence organizational outcomes. Our study contributes to this
literature by showing that the proportion of domain
experts is a critical yet previously overlooked dimension of board composition, which may have
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dramatic consequences for the fate of organizations.
Although domain experts on boards are often touted
as invaluable to effective decision making, we find
that—under conditions of decision uncertainty—
higher proportions of domain expert directors may
actually lead to greater likelihood of organizational
failure. Our study unpacks this relationship and offers insights into the contingent effects of board
composition on organizations.
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APPENDIX A
EXPLORATORY INTERVIEWS IN THE CONTEXT
OF LOCAL BANKS
Data Collection
As part of a broader research program carried out between 2008 and 2013 (see Almandoz, 2012, 2014), one of

2016
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the authors interviewed 77 informants deeply familiar
with local banks in the United States: members and
chairmen of local banks’ boards (n 5 21), current and
prospective bank CEOs (n 5 42), bank employees (n 5 10),
and individuals planning to start a bank (n 5 4). Interview
targets were selected randomly from the list of banks included in our statistical analysis, and participants provided additional referrals. Conducted by phone or in
person, most interviews lasted between 30 and 60 minutes.
The interviews followed a semi-structured protocol and
were audiotaped and transcribed. In interviews with directors and CEOs, the questions “How well has the board
performed?” and “What do bankers and non-bankers bring
to the board?” proved to be particularly relevant to our
topic.

Data Analysis
To examine the interview data, we coded interview notes
inductively for observations that were pertinent to the
composition of boards. Our initial codes were “in vivo”
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codes. We then reviewed these labels and grouped them into
more abstract categories, moving from respondents’ particular observations (e.g., “people that aren’t bankers tend to be
more cautious”) to codes (e.g., “non-bankers’ cautiousness”),
which we then sorted under broader categories (e.g., “nonbankers characteristics”). We then identified themes that
occurred most frequently in our respondents’ accounts. To
further facilitate the detection of patterns, we also employed
matrices (Miles & Huberman, 1994). A role-ordered matrix
was especially helpful because it helped us detect differences in the effect of domain experts and non-experts (see
Tilcsik, 2010). In this display, each matrix row represented
one professional background, while the two columns contained our informants’ observations about the (a) beneficial
and (b) detrimental effects of directors from a particular
professional background. We populated the matrix by
identifying the instances when the relevant combination of
observations occurred for each cell (e.g., “directors with
a real estate background – detrimental effects”). This matrix
helped reveal themes about different professional backgrounds that were most salient to our interviewees.
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APPENDIX B
TABLE B1
First-Stage Probit Model Predicting the Likelihood of
a Board Having a Proportion of Bankers above the
Median Levela
Model B1
De novo bank
Number of banks in county
Charter approval received from Office
of the Comptroller of the Currency
GDP growth
Board with a chair-CEO
Intercept
Log likelihood
Likelihood ratio x2 (df 5 5)

–.40**
(.09)
.004**
(.001)
.19*
(.09)
.05*
(.02)
.31**
(.08)
–.09
(.11)
2901.0
59.73

a
n 5 1,307 banks. Robust standard errors are in parentheses.
*p , .05
**p , .01
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APPENDIX C
TABLE C1
Regression Models with Alternative Financial Distress Indicatorsa
Model C1b
Non-current loans
Independent Variables
Proportion of banking experts
Proportion of real estate experts
Asset growth
Non-standard real estate loans
Number of locally-based banks
Hypothesized Interactions
Proportion of banking experts 3 Asset growth
Proportion of banking experts 3 Non-standard
real estate loans
Proportion of real estate experts 3 Non-standard
real estate loans
Proportion of banking experts 3 Number of
locally-based banks
Financial Distress Indicators
Non-current loans

–.46
(.36)
–.48
(.28)
–.005**
(.001)
.58
(.31)
.00
(.00)
.01**
(.00)
21.07
(.61)
1.84*
(.85)
–.01
(.01)

Model C2b
Non-performing assets

Model C3c
Bank failure

212.85
(12.00)
26.08
(9.15)
–.13**
(.02)
217.43
(10.82)
–.06
(.14)

22.74
(1.97)
.89
(.94)
–.04
(.02)
1.16
(1.21)
–.05**
(.02)

.18**
(.07)
212.66
(21.06)
69.87*
(29.22)
–.33
(.33)

.08**
(.03)
3.99
(2.06)
1.77
(2.23)
.02
(.03)

R2
Log pseudolikelihood

–.34
(2.12)
–.09
(1.27)
–.04**
(.01)
.57
(1.61)
–.03
(.02)
.04
(.03)
3.96
(2.68)
3.73
(2.69)
–.02
(.05)

.20**
(.02)

Non-performing assets
Constant

Model C4c
Bank failure

.01**
(.00)
.54
(.87)
.20

8.27
(27.83)
.14
2373.3

2284.9

a
n 5 9,957 bank-years (1,307 banks). All models include the control variables from Table 2. Robust standard errors, adjusted for clustering
by bank ID, are in parentheses.
b
Random effects regression models.
c
Competing-risks regression models.
*p , .05
**p , .01
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